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Abstract— Travel and tourism is considered as one of the 

rising industries. Travel companies like Make my trip and 

Oyo have recently included the ability to book hotels and 

tours. The tourism industry offers a wide range of services.As 

a result, there have been a number of innovations in tour and 

travel infrastructure. They provide deals for numerous 

destinations, taking into account customers' varying budgets. 

Therefore, we still have the covered interest system, but we 

still lack the covered interest system. Thus in this article we 

want to design a system which will offer user to pick various 

packages as per their budget value and automatically suggest 

nearby locations to visit once a user login into the system. To 

acquire the user-id and add the hotel data, we utilize a fake 

dataset(Twitter 4G), and the K-means method for data 

clustering and determining the nearby location for 

recommendation purposes. We use a multilayer algorithm to 

ensure accuracy in our output. 

 

Keywords— K-means clustering, K-nearest neighbors, Twitter 

4G, traveler preferences, and recommended destinations. 

           INTRODUCTION 

 
One of the fastest-growing industries is tourism. But it still fails 

in giving diverse packages where it can fill all the wants of 

user. CNN (Conventional Neural Network) methods employed 

in prior works lacked adequate accuracy, failed to consistently 

pinpoint the user's position, and struggled with large amounts 

of data[1].KNN method is being applied in current work which 

delivers findings which are not exact [6]. To ease trip planning, 

the preceding works in [15][16][17] give and interfaces in 

which user may provide the area and total journey 

time.Tourists gather destination-related information from a 

variety of sources, including personal networks, public 

databases, datasets, and online resources; a system developed 

in a previous paper helps them map out their journey. We're 

working to address the limitations of existing recommendation 

systems, such as those that don't let you book flights or don't 

provide vacation packages outside of hotels. Therefore, if the 

user goes to a travel agency for help organizing a trip, the 

business will provide the user with a number of tour packages 

from which the user must choose one. The user's schedule, 

plans, vacations, workplace leaves, and children's leaves are 

seldom taken into account while making a selection.To acquire 

the user-id and add the hotel data, we utilize a fake 

dataset(Twitter 4G), and the K-means method for data 

clustering and determining the nearby location for 

recommendation purposes. We use a multilayer algorithm to 

ensure accuracy in our output. By making suggestions based on 

the user's budget and preferences, obtained from the fake 

datasets[6], these algorithms provide the user the flexibility to 

arrange trips using cost-effective solutions and according to his 

time available.The associated work that has been implemented 

thus far is presented in Section 2. 

 
RELATED WOEK 

 
In this study author Mickael Figueredo [1], Jose Ribeiro [1], 

NelioCacho [1], created a method that can recognize 

preferences from social media photographs and suggest 

appropriately. Tourists' preferences have been utilized in 

conjunction with various recognition and recommendation 

methods including Convolutional Neural Networks, Fuzzy 

Logic, and Collaborative Filtering. Fuzzy categorization makes 

suggestions according to the frequency with which the location 

occurs.Let's examine one example on UB-CF & IB-CF.   Let's 

pretend we wish to give our pal Stanley some movie 

suggestions. People with comparable characteristics are likely 

to have a similar aesthetic. Let's pretend Stanley and I both 

have a similar taste in movies and we've rated practically all of 

them the same. Even so, Stanley hasn't seen "The Godfather II, 

and I watched it. It stands to reason that if I like the film, he 

probably would as well. We have generated an artificial 

ranking based on the comparability of our scores. That's why 

UB-CF finds users who are most like the one to whom we're 

making a movie recommendation and utilizes that information 

to make suggestions. The people he already knows aren't as 

important as the objects that are most like the things he already 

likes. Item-Based Collaborative Filtering (IB-CF) is the name 

given to this fresh approach. By pooling the actions of people 

with similar profiles, collaborative filtering may infer the 

hidden preferences of individual users [3, 1]. Because of their 

friendship and maybe their shared interests, friends may exhibit 

linked check-in activities. A user may, for instance, go to a 

restaurant that was highly recommended by her friends, or two 

pals would sometimes go to the movies together. The term 

"recommendation based social influence from friends" 

describes the practice of seeking advice from a user's existing 

social network. Datasets are crucial since they are used to 

create profiles of people, hotels, etc. Author Mao Ye1 [3] spent 

a month crawling the Foursquare and Whrrl websites to obtain 

two datasets with 153,577 users and 96,229 points of interest 

(POIs) in Foursquare and 5,892 people and 53,432 POIs in 

Whrrl.Recommendation algorithms may be fed data created by 

authors [10] on social media and utilized in their analyses. 

Everyday applications and online marketplaces alike make 

heavy use of recommender systems, a subfield of Information 

Retrieval that filters products and services based on user 

interests and preferences. This recommender system pulls data 

from Facebook and TripAdvisor to help users find local 

businesses and attractions. Users' Facebook profiles are mined 

for information such as id, likes, travel history, age, and gender.   
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The Travel and Tourism system architecture is dissected in 

depth. 

 

 

 

Having numerous friends and maybe many shared hobbies 

might lead to linked behaviors among its members. It's not 

uncommon for groups of friends to go watch the same movie 

together, or for a user to frequent a restaurant that was highly 

recommended by his pals. For the aforementioned reasons, it's 

reasonable to assume that a user's friends will make useful 

recommendations owing to their connected behavior. The term 

"recommendation based social influence from friends"[9] 

describes the effect of seeking advice from a user's friends. 

PROPOSED SYSTEM 
 

In this project, we want to create a simple, user-friendly tourist 

recommendation system that can provide suggestions 

depending on the preferences of its users. In order to provide 

the most relevant search results, the system compiles data from 

a wide variety of sources. Information is collected and 

displayed in a user-friendly fashion. 

Every user receives personalised output produced from users 

information. Generally existing method will display similar set 

of result for two differently aged group folks visiting on the 

same spot. It's not required that two folks heading to identical 

places have same options. Because of this, even if many people 

are visiting the same location, we want to offer them a unique 

set of products or a specialized search. Furthermore, the system 

may retain a record in the database and indicate to the 

individual when it is feasible for him to travel again if he is 

unable to do so due to an emergency. 

User information collection module- This is a first 

algorithm where authors[6] are using social network 

Facebook can be analysed by R tool using the Facebook 

package. The information such as like comments, age, and 

gender, id and travel history are retrieved using the R tool. 

We are referring the ongoing work which is being done for 

similar purposes like accepting user information and 

providing travel recommendations with increased precision. 

Algorithm 1: 

Input: User Id 

Output: Characteristics and properties of user: age, 

tagged_locations, likes, posts, emotions, gender 

Begin If(UserId) then 
return (age, tagged_locations, likes, posts, emotions, 

gender) 

else 

return NULL 

End 

Algorithm 2. 

K-Means Clustering(n,I,k,d,c) Input: n-no. of 

users, i-information of users, k- no. of clusters,d-

distance between centroids and users in clusters, 

c-cluster of users (assume k-centroids 

Begin while(d>0.1) do forj=1 to undo 

d is calculated with all centroids i is assigned to a 

cluster 

end 

Recomputed centroid r>mean of its user point 

End Return c End. 

ETRRS Algorithm , 

Step1:User to enter details for registration by using 

(User-Id) algorithm. Step 2:User will search for places 

Step 3:Recommending user locations according to his 

preferences by using KNN algorithm. Step 4: User 

provide Feedback according to his experience. 

Step 5:Feedback is updated (location history in 

database)for further references Step 6:END 

 
 

SYSTEM ARCHITECTURE: - 

 
  

 Fig no:-1.System architecture 

MATHEMATICAL MODEL: - 

 
Let S be the system Where S= I, O, P 

Where, 

I = {I1 , I2} 

O = Set of output (recommended places along with 

information) P = Set of technical or mathematical 

processes 

Let S is the system 

 
S =Identify the input data S1, S2, . , Sn 

 
I1 = (types of places, activity, budget, start date, 

distance, number of vacation days, number of people) 

Identify the output applications as O. 

 
I2=(User details) 

 
P= Technical or Mathematical process like If p = (p1, 

p2) and q = (q1, q2) then the distance is given by 
O= Places, Activity, Hotel, Travelling option, nearby 

attraction, distance Identify the Process as P Have 

sine algorithm for distance calculation 
 

Places ¡ area distance Rp = Resultant Places 

Distant from source to Rp ¡ distance mention by user. 

           RESULT 

 

 
We are referring the ongoing working results by 

comparing the previous system with the one we are 
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implementing for getting more precision . 

 
Dataset 

 
User profile dataset and the other is the tourist 

location and point of interest dataset are two datasets 

that are used for this recommendation system. 

Former dataset consists user’s information which is 

collected from social media. This user’s information 

consists of user’s age-group ,post ,likes ,gender .The 

latter dataset consists of information of various 

location. This information of places are collected 

from different sites and travel blogs. [6] 
 

 
 

     Fig no:-2.User ID dataset.[6] 

 
 

Precision 

 
To verify the prediction of the recommender 

Precision is used. Precision can be written as the 

fraction of correct predictions in total number of 

predictions made.The precision values are calculated 

by using below formula.[6] 

 

P = Number of correct prediction Number of total 

prediction 

 
 

1) Mean Average Precision 

 

Effectiveness of the recommender system is 

calculated by mean average precision. 

The user’s location history plays the key role 

in the effectiveness of the recommender. When the 

value of one place of interest is higher or almost 

double than other values according to the 

predefined scale which is (0-2), it results in 

maximum effectiveness. The user’s location is 

used to find their places of interest and in turn to 

calculate the user-location vector 

 

Table 1. Precision Values for Users in various User Groups[6] 

 

 

 
User group 1 User 1 0.507 

User group 1 User 2 0.507 

User group 2 User 3 0.670 

User group 2 User 4 0.670 

User group 3 User 5 1 

User group 3 User 6 1 

User group 4 User 7 1 

User group 4 User 8 1 
 

The results in the above table no:-1 are tentative and can vary according to user inputs. 
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Fig no:-3Precision graph[6] 
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        CONCLUSION 

 
In this paper we proposed a recommendation and 

suggestion system for any travel planning user. All the 

drawbacks from earlier travelling tour agencies and the 

fraud which was taking place during selecting packages 

with the hidden cost and conditions are avoided. Each 

and every users have personal or different taste and 

likings when it comes to food travel and site seeing. 

We used K-means algorithm for data clustering and 

finding the nearest location for recommendation 

purposes also the same can be done using the KNN 

algorithm, we used a dummy dataset(Twitter 4G) for 

acquiring the user-id algorithm and adding the hotel 

data. For obtaining precision work we are using layered 

algorithm. 

 
Thus our system does not show a generalized result 

but a customized result keeping every aspects of user 

into consideration. In this paper algorithms used are 

simple and easy to understand. Thus it aims at making 

user vacation more reliable and cost effective. Its 

implementation is easy and does not require any cost of 

external resources. 
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